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LA COALESCENCE

Généalogie de la population
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ESTIMATIONS GENETIQUES VS. DEMOGRAPHIQUES

Comparisons between genetic and demographic estimates
« example on damselfly populations (Watt et al. 2007 Mol.Ecol.)
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ESTIMATIONS GENETIQUES VS. DEMOGRAPHIQUES

Comparisons between genetic and demographic estimates

« example on damselfly populations (Watt et al. 2007 Mol.Ecol.)

Genetic data : 700 individuals genotyped
at 13 microsatellite loci
w indirect estimates of Do?
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Genetic differentiation
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ESTIMATIONS GENETIQUES VS. DEMOGRAPHIQUES

Comparisons between genetic and demographic estimates

« example on damselfly populations (Watt et al. 2007 Mol.Ecol.)

Do’ estimates

Direct Indirect
(demographic) (genetic)
Site 1 277 222
Site 2 249 259
Site 3 555 753

very good agreement between demographic and genetic estimates
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ESTIMATIONS GENETIQUES VS. DEMOGRAPHIQUES

Comparisons between genetic and demographic estimates

Direcf Indirect
(Demography) (genetic)
American Marten 7.5 3.8
o Kangaroo rats 1.43 2.58
intertidal snails 2.4 3.6
Forest lizards 1.5 5.5
very gOOd agreement between Humans in the rainforest | 29.3 211
Legumin 13.9

9.6
demographic and genetic estimates for all available data sefs with
demographic and genetic data at a local geographical scale

= validate the regression method and isolation by distance models

IBD seems to be relevant models for the inference of demographic parameters
at small geographic and temporal scale
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VRAISEMBLANCE BASEE SUR LA
COALESCENCE




MAXIMUM DE VRAISEMBLANCE : COMPLEXE...
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MAXIMUM DE VRAISEMBLANCE : COMPLEXE, PUISSANTE...
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