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mp 3 driving factors of sensitivity (need further investigation)

1. Aggregation of GM fields (SPATIAL) ﬁ ﬁ
2. Overlapping deposition <> sensitive stage A
Time

3. Loss and Adherence of pollen

Leclerc, M.; Walker, E.; Messéan, A. & Soubeyrand, S. (2018) Spatial exposure-hazard and landscape models for assessing the impact of GM crops
on non-target organisms. Science of the Total Environment, 624, 470-479 22/24
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Thank you for your attention

Goodness of fitting interesting guestion
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